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Y. Nishiyama, S. Atsumi, K. Tsubouchi, and K. Sezaki. 2025. A-UVI: GNSS-Assisted EO-
based UV Index Estimation Method for Individual-level Precise UV Exposure Assessment.

Proc. ACM Interact. Mob. Wearable Ubiquitous Technol (IMWUT). 9, 2, Article 43 (June
2025), 34 pages. https://doi.org/10.1145/3729463
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Setting

Study
Study URL

https://aware.yuukinishiyama.com/index.php/
webservice/index/26/GQXFrwLJ2IPf

Device ID
f5e8aa2d-d176-4dc3-992e-6758975cdebb

Device Name

iPhone

Advanced Settings

Sensors
Accelerometer
-0.180954, -0.801636, -0.531921

Activity Recognition

["stationary"]

Ambient Noise

Ambient noise collected from a microphone on
the device

Barometer
1008.198776

Battery
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Settings
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Installation
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studies
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Software maintenance
and support

Security and privacy
Cost
See also

Notes and references
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Mobile phone based sensing software

Article  Talk Read Edit View history Tools v

From Wikipedia, the free encyclopedia

Mobile phone—-based sensing software is a class of software for mobile phones that uses the phone's sensors to acquire data
about the user. Some applications of this software include mental health and overall wellness monitoring. This class of software is
important because it has the potential of providing a practical and low-cost approach to deliver psychological interventions for the
prevention of mental health disorders,['! as well as bringing such interventions to populations that have no access to traditional health
care.?) A number of terms are used for this approach, including "personal sensing", "digital phenotyping”, and "context sensing". The
term "personal sensing" is used in this article, as it conveys in simple language the aim of sensing personal behaviors, states, and
conditions.

General information eqi)

This article presents a comparison of mobile phone software that can acquire users' sensor data (in a passive manner without users'
explicit intervention) and administer questionnaires (or micro-surveys triggered by sensor events). The software described below
helps quantify behaviors known to be related to mental health and wellness. The list below includes both commercial and free
software. To be included in this list, a software product must be able to acquire data from at least one phone sensor, and provide a
minimum level of security for storage and transmission of acquired data. This list excludes software that focuses solely on collecting
participant data from surveys and questionnaires.

Software table

[edit]

The following table contains general information about each mobile-based sensing software, such as who the developers are, when it
was last updated, whether it is open or closed source, and the programming language and database they are based on.

This section's factual accuracy may be compromised due to out-of-date information.
Please help update this article to reflect recent events or newly available information. (July

2017)
Latest
Latest Software Open Programming Data
Name ¢ Creator ¢ ¢ release ¢ | a1
release licensel®! source language backend
date
Web
dashboard and
Android client:
Denzil Ferreira
(Community
Instrumentation
& Web dashboard: PHP,
4.0.836 HTML, JavaScript;
Awareness 2! i 2023 o
4 . i (Android); . Apache Android client: Java &
AWARE! University of (Android ) Yes ) MySQL
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Oulu); Mac ) and iOS) . . -
i (i0S) iOS clients: Objective-C
OSX and iOS

clients: Yuuki
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& Swift
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Donate Create account Log in
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Supported sensors and data
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Sang Won Bae (HEF: K[E-CMU-RARIIAFKESIRTE : AT - ATRIKE) ,
Tammy Chung CKE-EvwI\-JXZRE[EER]) |
Anind K. Dey (ZHEF : KE-CMU- HCIIEHESITE « SKE- D3> R A Information School2EBE - 3i%) SEDHFEIMZR

« RAV—b+IAUEHEUYBEERVT TKRERAARNV M % K
HEMRMTESMN? \
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Table 1

LGBM model comparison in detecting subjective cannabis intoxication (not-

=+
’%':' intoxicated vs low-intoxication vs. moderate-intensive (MI) intoxication).

* 90 % 0) 7|‘$ (AUC O 98) LGBM Accuracy  Precision  Recall Fl1- Moderate-Intensive
o 5[ - BEIEERE - BIEDRIL S Mode seore

<j:”:l EEF;:E_H 75§\”%§ 0) |_I:IT-| J:- c: Eﬁ‘jﬁ LGBM-DT 0.60 0.72 0.60 0.64 0.82

LGBM-S 0.67 0.83 0.66 0.73 0.90
LGBM-DTS 0.90 0.92 0.90 0.90 0.98

Sang Won Bae, Tammy Chung, Rahul Islam, Brian Suffoletto, Jiameng Du, Serim Jang, Yuuki Nishiyama, Raghu Mulukutla, Anind Dey, Mobile phone sensor-based detection
of subjective cannabis intoxication in young adults: A feasibility study in real-world settings, Drug and Alcohol Dependence, Volume 228, 2021, 108972, ISSN 0376-8716
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